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(1) EWH =0, EWAWH = %(#H + 82 — |5 — ") WHTREE s, t > 0;

(II1) WH &2 PR, H By BARLE), HIHHE LA AbyE SE A mT .
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XH(a,b) = X (a,b)exp (Vt + o7 (a, b)), (1.2)

KB v o REH o RAERIEFE, b=1, ZH(a,b) ZZ% N a, b, H [f] MFBM.
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{Zi(a,b)} =7 {Z{ (ah'"?, bn™)},

jzi h >0 %ﬁﬁ, {Xt} =1 {Y;s} i‘%ﬁ? means (Xt)teR+ *H (Yt)teR+ ﬁﬁﬁ@ﬁ\?ﬁ Xﬂ‘ﬁg
B X, X* FoR B RS X; = sup,o, | Xo|. HUbH AR Z2 (a,b) =4
ZH*(ah/? bhH). SHEE p >0, F

321 ®T>0Z2NEH Z ZSECN a, b, H ] MEBM. XHMER p > 0,
E(ZH*(a,b))? = E(ZI* (aT"?,bT"))P = E(sup [aT* /> W, + bTHWH ).
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c(p)E(r7?) <E((W;)P) < C(p)E(r/?), (2.2)
XEFE c(p), C(p) > 0 fKH#T p.
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M, = / K(t,s)aw¥,
M M &—A Gaussian #tH (M), = (C?/4H?*(2 — 2H))t>~21.
A K8 Mg sk — B, 127500 (9, 10).
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Sr(6z) = if Sr(6). (3.4)
A R/ NEBAFEE T S8 S0k [11). Bk, BAUEREAATE 0 Wi L7 Fe.
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HT 2,(0) = xoe?, NI
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t
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MINIMUM NORM ESTIMATION FOR MIXED FRACTIONAL
ORNSTEIN-UHLENBECK TYPE PROCESS
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(School of Statistics, Hubei University of Economics, Wuhan 430205, China)

Abstract: The minimum norm estimation for mixed fractional Ornstein-Uhlenbeck type

process is studied. By using deviation inequalities of fractional Brownian motion, some asymptotic

properties of the minimum norm estimator of the drift parameter for mixed fractional Ornstein-

Uhlenbeck type process are obtained.
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