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Ship propeller blade number classification based on multi-class support

vector machine
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Abstract The paper first analyzes the common multi-class support vector machine (SVM) classification
algorithms and points out the disadvantages of these algorithms, and then presents an advanced multi-class
SVM classification algorithm based on mix error correcting out code (MECOC). Experiment of ship propeller
blade number classification which is based on DEMON spectrum of ship target radiated noise has been done by
using this algorithm. Theoretical and experimental results show that the proposed algorithm with clear code
and error correction ability is an efficient multi-class SVM classification algorithm. In the ship propeller blade
number classification experiment, the classification performance of this algorithm is better than one-versus-all,
one-versus-one and minimum output coding (MOC) multi-class SVM classification algorithm, which is suitable
for ship propeller blade number classification problem.
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